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ExecutiveSummary
AstudyofNavvy’s initial adoptionamong4th to8th-gradestudents inArizonaduringthe2024−
2025 academic year found a statistically significant positive impact onmath proficiency. Stu-
dents who engaged with at least 2/3 of the available grade-level standards in Navvy demon-
strated meaningfully higher growth on the Arizona’s Academic Standards Assessment (AASA)
compared to their peers in amatched control group. The study also found that higher levels of
Navvy Engagement were associated with greater learning gains. In addition, among students
whowereNotProficient in the spring2024, thosewithhigher levelsofNavvyEngagementwere
more likely to reachProficient status in spring2025 thanmatchedpeerswhodidnotuseNavvy.

Together, these findings provide strong evidence from a quasi-experimental design meeting
WhatWorksClearinghouse standards thatNavvy is aneffective tool for supportingmathemat-
ics learning.
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Students who engaged with at least 2/3 of their grade level standards in Navvy showed 
an improvement index of +9.7
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Introduction
Navvy is aK-12 formativeclassroomassessment solutionwithin thePearsonAssessment for
Learning Suite (PALS) that encourages instructor-assisted personalized learning and nurtures
healthy learningmindsetsbyprovidingrigorousandengagingstandards-alignedtasksthatpro-
ducegranular, reliable,andtimely learningevidence. Developed incollaborationwithmeasure-
ment scientists, assessment designers, educators, and educational leaders, Navvy leverages
learningandmeasurementsciencetodeliverbrief, formativeassessmentswiththerigorof large-
scale assessments. By providing educators with granular, psychometrically defensible data,
the Navvy systemhighlights specific competency learning and gaps at the standard level. This
actionabledatapowers thecelebrationof specific learningandenables real-time instructional
adjustments, allowing teachers to close learning gaps quickly and accelerate overall student
growth.

TheNavvysystemintegratestwoprimarycomponentstosupport instructor-assistedpersonal-
ized learning and nurture healthy learningmindsets: formative assessments, known asChecks,
anda repositoryof instructionalmaterials called the Learning Library. TheChecks aredelivered
in two formats. CompetencyChecks are brief, secure assessments, typically composedof six
toeight itemsthatare intentionallydesignedtoreflectthebreadthofcontentanddepthofcog-
nitive complexity the standard requires, enabling reliable diagnosis of student competencyon
asingleacademicstandard. Second,PracticeChecksarenon-secure, variable-lengthassess-
mentsthatprovidestudentswithstandards-alignedpracticetailoredtotheir individual learning
needs. These can be created by educators or generated automatically by Navvy’s intelligent
recommendation layer.

Complementingtheseassessments, theLearningLibrarycontainshigh-quality instructionalma-
terials (HQIM) designed to support the learning of individual standards, helping to supplement
instruction and facilitate personalized learning or targeted instruction. The Navvy system pro-
videsChecksacrossK-12grade-levels inEnglishLanguageArts (ELA),Math,Science,andSocial
Studies,with the Learning Library resourcescurrently available for ELAandMath.

Navvy delivers assessment results through dynamic reporting dashboards. To provide insight
needed to personalize learning, teachers and administrators receive student- and classroom-
level insights that identifywhichstandards,andwhichpartsofstandards, studentshave learned
and which they needmore support to learn (see, for example, Figure 1). Additional insights for
standards-level learningaggregatedat theschool-, district-, andstate- levels areprovided for
administrators(seeFigure2). Studentsaccessalearner-facingprogressdashboardthatframes
learningasamission toearnmicro-credentials (badges) foreachstandardandprovides imme-
diate access to results and feedback to support meta-cognitive reflection and assessment-
as-learningpractices (seeFigure3).

Initial AdoptionofNavvy inArizona schools

Navvywas introduced in Arizona in the fall of 2024, with the state providing school districts the
opportunity toopt in touseNavvyasa resource. ParticipatingschoolsbeganusingNavvy in late
2024 and early 2025. Because participationwas optional, engagement varied across schools
andgrade-levelsduring this initial implementationperiod. By theendof the2024–2025school
year, Navvy had expanded to 82 schools across 60districts, serving over 18,000 students and
600 teachers.
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Figure 1: SnippetofNavvydashboard for a teacher, showing student learningprofiles thatdetail
competencybyacademiccontent standard for amathclass.

Goals of theStudy

The purpose of this study was to evaluate the impact of Navvy on student learning outcomes
withinthis initialcohortofadoptingschools inArizona. Specifically, thefollowingresearchques-
tions (RQs) guided thedesign andanalysis of the study.

RQ 1 What is the effect of students engaging with Navvy on at least 2/3 of grade-level stan-
dards available in Navvy (i.e., Navvy Engagement) on mathematics achievement among
students inArizona, asmeasuredby theArizona statewideassessment (ArizonaAcademic
StandardsAssessment, AASA) scaled scores in the2024−2025school year?

RQ2 AmongNavvyEngagedstudents, is therewhat isknownasa’dose-response’ relationship,
where higher levels ofNavvyEngagement correspond togreater learninggains?

Methods
ResearchDesign

This study used a student-level quasi-experimental design to estimate the effect of Navvy En-
gagement on students’mathematics achievement duringNavvy’s initial implementation in Ari-
zona. Participationwasopt-in,andimplementationvariedacrossschools, teachers,andgrade-
levels, so the analysis focused on the student level rather than the school level. Because stu-
dentswere not randomly assigned to treatment andcontrol groups,weusedpropensity score
matching to reduce pre-existing differences between groups and establish baseline equiva-
lence before estimating treatment effects. The analyticmodel also accounted for differences
acrossschoolsandgrades tobetter isolate theeffectofNavvyEngagementonstudents’math
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Figure2: Snippetof a sample administrator level dashboard inNavvy. This viewaggregates student
competencydata frommultiple schools toprovide insights intodistrict-wideperformanceand inform
strategicdecision-making.

achievement.

Analytical Sample

Students were included in the analytic sample if they met all of the following criteria: (a) they
were enrolled in Grades 4–8; (b) they could bematched across Navvy and AASA data sources;
(c) they had AASA scaled scores for both the prior year (2023–2024) and current year (2024–
2025); (d) they had complete demographic information required for the analysis; and (e) they
attendeda schoolwith at least 50eligible students to support stable estimation.

Navvyresponsedatafromthe implementationyear included14,439studentsacross84schools
inGrades 4–8. Aftermergingwith AASA records and applying the requirement for two years of
AASA scores, the sample yielded 10,510 students from 60 schools. Applying the remaining in-
clusioncriteria yieldedafinal analytic sampleof6,141 students from47schools. Thesestudents
were eligible to be assigned to either the Navvy Engagement treatment group or the control
group.

NavvyEngagement Treatment andComparisonGroupDefinition

Students were assigned to the Navvy Engagement treatment group if they meaningfully en-
gagedwitheitheraCompetencyCheckoraPracticeCheckforat leasttwo-thirdsofthegrade-
level standardsavailable inNavvy (seeTable 1). Meaningfulengagementwasdefinedassubmit-
ting a Check as an effortful responder, such that the time spent on the Checkwas not flagged
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Figure3: Snippetof student-facingdashboardprovidingbadge-basedprogress toward
micro-credentials and immediate results to support assessment-as-learning.

for rapid responding. Students with no recorded Navvy assessment activity were eligible for
the control group. Applying these definitions yielded the focal comparison sample used in the
matchedanalysis.

Table 1: Total numberofgrade‐levelmathematics standardswithNavvy assessments available.

GradeLevel MathStandards

3 26
4 29
5 26
6 29
7 23
8 29
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Matching andBaseline Equivalence

Propensity score matching (Rubin, 1997) was used with a nearest neighbor algorithm to form a
controlgroupthatwasstatisticallysimilar to thetreatmentgrouponprior scaledscoresandkey
demographicvariables. TheMatchItRpackage(Hoetal.,2011)wasusedtopreparethepropen-
sity score-matchedanalytic sample.

Post-matching balance was evaluated using standardizedmean differences (SMDs). Accord-
ing toWhatWorksClearinghouse (2022) criteria, baseline equivalence is establishedwhen the
SMD is below0.05. Thematched sample had anSMDof0.018, indicating that thegroupswere
well matched. Figure 4 summarizes covariate balance before and after matching, and Tables
2 and 3present the corresponding descriptive statistics and SMDsbefore and aftermatching,
respectively.

Table 2: Demographic characteristics and standardizedmeandifferencesbeforematching

Treatment Control

Variables N Mean SD N Mean SD MeanDifference SMD

PriorMath (SY23−24) 193 3596.79 59.80 261536 3576.15 59.42 20.64 0.347
Hispanic% 110 56.99 49.64 125499 47.99 49.96 9.01 0.180
American Indian% 6 3.11 17.40 16935 6.48 24.61 -3.37 -0.137
Asian% 6 3.11 17.40 15178 5.80 23.38 -2.69 -0.115
AfricanAmerican% 20 10.36 30.56 24345 9.31 29.06 1.05 0.036
White% 165 85.49 35.31 216570 82.81 37.73 2.69 0.071
NativeHawaiian% 5 2.59 15.93 3234 1.24 11.05 1.35 0.122
English LanguageLearner% 14 7.25 26.01 25093 9.59 29.45 -2.34 -0.079
Special Education% 25 12.95 33.67 36851 14.09 34.79 -1.14 -0.033
Female% 88 45.60 49.94 128370 49.08 49.99 -3.49 -0.070

Table 3: Demographic characteristics and standardizedmeandifferences aftermatching

Treatment Control

Variables N Mean SD N Mean SD MeanDifference SMD

PriorMath (SY23−24) 193 3596.79 59.80 193 3597.90 60.09 -1.11 -0.019
Hispanic% 110 56.99 49.64 109 56.48 49.71 0.52 0.010
American Indian% 6 3.11 17.40 5 2.59 15.93 0.52 0.031
Asian% 6 3.11 17.40 7 3.63 18.74 -0.52 -0.029
AfricanAmerican% 20 10.36 30.56 20 10.36 30.56 0.00 0.000
White% 165 85.49 35.31 166 86.01 34.78 -0.52 -0.015
NativeHawaiian% 5 2.59 15.93 5 2.59 15.93 0.00 0.000
English LanguageLearner% 14 7.25 26.01 13 6.74 25.13 0.52 0.020
Special Education% 25 12.95 33.67 25 12.95 33.67 0.00 0.000
Female% 88 45.60 49.94 88 45.60 49.94 0.00 0.000
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Figure4: Covariatebalancebefore (unadjusted) andafter (adjusted)matching.

AnalyticalModel

TheeffectofNavvyEngagementonmathematicsachievementwasestimatedusingatwo-level
hierarchical linearmodel (Bryk&Raudenbush, 1987)withrandomeffectsforschoolsandgrades.
Themodel specification is:

Yijg = β0 + β1Xijg + β2Tijg + uj + vg + ϵijg (1)
where

• Yijg =Statemathematicsachievementscore for student i in school j, grade g (Spring2025)
• Xijg =Prior year statemathematics achievement score for student i (Spring2024)
• Tijg =Treatment indicator: T = 1 if studenthasengagedwith≥ 2/3Navvystandards, T = 0

otherwise
• β0 = Intercept
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• β1 =Coefficient for prior achievement
• β2 = Treatment effectofNavvyEngagementon student achievement
• uj =School-specific randomeffect (accounts for unobserved school characteristics)
• vg =Grade-specific randomeffect (accounts for grade-level differences)
• ϵijg =Student-level error term

The model parameters were estimated using the lme4 R package (Bates et al., 2015). We in-
cludedarandomeffectforgrade-levelbecauseGrades4–8reflectdistinctdevelopmentaland
curricular stages that are associatedwith systematic differences in baseline performance (see
Figure5). As illustratedinFigure5, thedistributionofprioryearmathematicsachievementscores
shifts upwardwith grade-level (including higher grade-levelmeans), consistentwith clustering
bygrade. Thispattern supportsmodelinggradeasa randomeffect tocapturebetween-grade
heterogeneity in achievement
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Figure5: Prior YearMathAchievementScoreDistributionbyGradeLevel. Pinkdiamonds indicate
grade-levelmeans.

Toempiricallyvalidatethenecessityofthismodelstructure,severaldiagnosticprocedureswere
conducted. Theextentofoutcomeclusteringwithingrade-levelswasquantifiedbycalculating
theintraclasscorrelationcoefficient(ICC).Theproportionoftotaloutcomevarianceattributable
tograde-level differenceswas further examinedbymeansof a variancedecomposition analy-
sis. Finally, to formally justify the inclusionofgrade-level randomeffects, a likelihood-ratio test
wasconducted.
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Analysis Plan

To address RQ1, the treatment groupwas defined as students who completed a Navvy Check
forat least2/3of theuniquegrade-level standardsavailable in theNavvysystem. Theeffectsof
NavvyEngagementwereestimatedusing theanalyticalmodel described in Equation 1.

To address RQ 2, we conducted a dose–response analysis by re‐estimating Equation 1 across
17 analytic samples, systematically varying theengagement threshold from5%to85%of
grade‐level standards in 5‐percentage‐point increments. In addition, we examined achieve-
mentgrowthbycomparing theproportionof studentswho transitioned fromNotProficient on
theprior year’s AASA (2023–2024) toProficient on thecurrent year’s AASA (2024–2025) in
matched treatment andcontrol groups at eachengagement threshold.

The effect sizes from the analysis were converted to Hedge’s g and to the improvement index
for better interpretability as recommendedby theWhatWorksClearinghouse (2022).

Results
Table4: Two-LevelMixed-EffectsModel PredictingStudentAchievement.

Current Year Math Achievement Score

Predictor β SE 95% CI p

Intercept 446.63 99.59 250.81 – 642.44 <0.001

Prior Year Math Achievement Score 0.88 0.03 0.83 – 0.94 <0.001

Treatment (Navvy Engagement) 14.84 4.70 5.59 – 24.09 0.002

Random Effects

σ2 434.60

τ00Schools 111.47

τ00Grade 21.84

ICC 0.23

N Schools 92

N Grade 5

Observations 386

Marginal R2 / Conditional R2 0.833 / 0.872

Note. The model includes treatment status and prior year math achievement score as fixed effects, with

random intercepts for schools and grades.

Table 4 shows the parameter estimates from the two-level hierarchical mixed-effects model
usedtoevaluatetheimpactofNavvyEngagementonstudentachievement. Themodel included
fixed effects for treatment status and prior year math achievement score, with random inter-

10of 17



Impact EvaluationofPearsonNavvyMath in ArizonaSchoolDistricts Navvy+ 

cepts for schools and grades to account for data clustering. The analysis was conducted on a
sampleof 386observations across 92 schools and5grades.

Results: Navvy Engagement Leads toStatistically SignificantGains

ResultsshowedthatNavvyEngagementhadastatisticallysignificantpositiveeffectonstudent
mathematics achievement (β = 14.84, 95%CI [5.59, 24.09], p < 0.01). In practical terms, stu-
dentswhoengagedwithNavvyonat least two-thirdsof theavailablegrade-level standards
statistically significantly outperformed a matched group of students not using Navvy, after
accounting forprior year stateachievementandclusteringbyschool andgrade. The treatment
estimate translates to an effect size of Hedge’s g = 0.245 and to an improvement index of +9.7.
This finding is notable in educational contexts because effects on broad, independent stan-
dardized achievement outcomes are typically smaller than effects observedonmore proximal
or researcher-designedmeasures, making an effect of this magnitudemeaningful under real-
world implementationconditions (Kraft, 2020).

Results indicated the use of a mixed-effects model was justified by the significant amount of
varianceattributable tothegroupingstructures. The intraclasscorrelationcoefficient (ICC)was
0.23, calculated from the variance components for school (τ00 = 111.47), grade (τ00 = 21.84),
and the residual variance (σ2 = 434.60). Decomposing this reveals that school-level differences
accounted for approximately 19.6%of the unexplained variance, while grade-level differences
accounted for 3.8%. This combined ICC value signifies that roughly 23% of the total variance
in student scores is attributable to thesebetween-school andbetween-gradecontextual fac-
tors. A likelihoodratio test furtherconfirmedthat themodel includinga randomeffect forgrade
provided a significantly better fit than a model without it (χ2(1)=18.78, p < .001). Additionally,
the Akaike InformationCriterion (AIC)was lower for themodelwith grade-level randomeffects
(3497.7) compared to the reduced model (3512.5), further confirming that accounting for the
nested structureof thegradeprovides amoreaccurateestimationof treatment effects.

Themarginal R2, which represents the varianceexplainedby the fixedeffects – specifically, the
prior year achievement score andNavvy treatment – was 0.833. When also accounting for the
grouping structure, such as the nesting of students within schools and grades, the conditional
R2 rose to 0.872. Together, these student-level predictors and school-level and grade-level
differences account for 87.2% of the variance in achievement scores, demonstrating that the
model had substantial explanatorypower.

Results: Higher EngagementYieldsHigher LearningGains

The results from the dose-response analysis revealed that there was a strong association be-
tweenNavvyEngagementand learninggains: as studentsengagedwithhigherpercentageof
the Navvy standards, the positive impact on their math achievement scores also increased
(see Figure 6). The treatment effect is statistically significant (p ≤ 0.05) across nearly all thresh-
olds analyzed (from5%up to80%). This indicates thatNavvy Engagement is beneficial even at
lower levels of exposure, but thebenefits compoundwith increasedexposure.
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Figure6: Dosage-ResponseRelationshipBetweenNavvyEngagement andLearningGains.

Results: NavvyHelpsCloseAchievementGaps

Akeymilestoneinstateassessmentforstudents isreachingtheProficient levelsetbytheirstate.
To evaluate thepractical significanceof the impact ofNavvy Engagement on student achieve-
ment, we calculated the transition rate of students in our matched sample moving from ’Not
Proficient’ (AASAperformance levels 1 and 2) status in the prior year state achievement to ’Pro-
ficient’ (AASA performance levels 3 and 4) status in the current year across varying thresholds
of engagement intensity (see Figure 7). The results demonstrate that higher engagementwith
Navvysubstantially increases the likelihoodofa studentmoving fromNot-proficient toPro-
ficient status.
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Figure 7: Proportionof studentsmoving from”NotProficient” in spring2024 to ”Proficient” in the spring
2025.

Across engagement thresholds, the gap between students with Navvy Engagement (treat-
ment group) and the matched control group of students not using Navvy widened as stu-
dents completed more Navvy standards, indicating that higher engagement was associated
with a greater probability of closing achievement gaps. At lowengagement levels (5–15%), the
differencebetweentheNavvyEngagement (treatment)andmatchedgroupofstudentsnotus-
ingNavvy (control group) is negligible,withbothgroupsshowingaproficiency transition rateof
approximately 10%. However, as engagement increases, a clear divergence emerges. By the
35% engagement threshold, the gap widens significantly: 15.0% of students with Navvy En-
gagement
achievedproficiencycomparedtoonly11.2%ofthematchedcontrolgroupofstudentswhodid
not useNavvy.

The strongest benefit appeared between the 60% and 70% engagement thresholds, where
nearly 1 in 5 (19.7%) Navvy Engaged students who were Not Proficient in spring 2024 reached
Proficient inspring2025,comparedwithapproximately 1 in 10 (11.2%)matchedcontrolstudents
notusingNavvy. Atthepeakeffectivenessrange(65%threshold),studentsengagingwithNavvy
were nearly twice as likely (19.7%vs. 10.6%) to achieve proficiency as theirmatchedpeerswho
did not use theNavvy system.
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FutureResearch
This evaluation used a rigorous quasi-experimental design to answer two important questions:
whetherNavvyEngagementwasassociatedwith improvedmathematics achievement, and
whether higher levels of engagement were associated with stronger learning outcomes. The
findingsprovidestrongevidencethatNavvycansupportstudent learning inmathematicsunder
real-world implementationconditions. Strongevidenceis importanttoensure learningsystems
aredoingwhattheyare intendedtodo: Helpstudents learn. Asinglestudydoesn’ttell thewhole
storyof a learning system. Futureworkcananswer additional questions. This sectiondiscusses
howadditional questions canbeaskedandanswered.

This studyusedaquasi-experimentaldesign,which iswell suitedtoevaluatingeducationalpro-
grams in authentic school settings where random assignment is often difficult or not feasible.
In this design, studentswhoengagedwithNavvywerecomparedwith amatchedgroupof stu-
dents not using Navvy who were similar on prior mathematics achievement and observed de-
mographic characteristics. This approach strengthens causal interpretation, although, as in all
observational studies, futureworkcould further reduceuncertaintyby incorporatingadditional
informationaboutstudent, teacher,andschoolcontexts. Randomizedcontrolledtrialscanpro-
vide an even stronger basis for causal inference, but they are often challenging to implement
in applied school settings because they require agreement on assignment procedures, stable
implementationconditions, and sufficient operational flexibility acrossparticipating sites.

Future studies could extend thepresentwork in several ways. First, they could incorporate ad-
ditionalcontextual variables thatwerenotavailablehere, suchas teacher implementationprac-
tices, useofother instructional supports, attendancepatterns,or school-levelpolicies. If char-
acteristics such as these are related to both Navvy Engagement and achievement outcomes,
including themwould allowevenmorepreciseestimationofNavvy’s effects.

Second, futureworkcouldexamine implementationmoredirectly. Thecurrent studymeasured
Navvy Engagement as the proportion of available grade-level standards with which students
meaningfullyengaged. Futureresearchcangatherricher implementationvariables,suchashow
teachersengagedwithNavvy,whetherLearningLibraryresourceswereusedalongsideChecks,
and how engagement was distributed across the school year. These data would help clarify
which implementationpatterns aremost strongly associatedwith improvedoutcomes.

Third, future studies could broaden the range of outcomes examined. In this evaluation, stu-
dent achievement wasmeasured by the end-of-year statemathematics assessment, which is
an importantand independentoutcome. Future researchcouldalso investigatewhetherNavvy
influences other outcomes that matter for learning, such as student confidence, persistence,
engagementwith challengingmaterials aswell as teacherdecision-makingduring instruction.

Discussion
ThisstudyprovidesstrongevidencethatNavvyEngagementwasassociatedwith improvedstu-
dent mathematics achievement. TheWhatWorks Clearinghouse (WWC) identifies several key
featuresofrigorousquasi-experimental research, includingbaselineequivalencebetweentreat-
ment andcomparisongroups, useof an independentoutcomemeasure, andappropriate ana-
lyticmethods to account for clustering in the data. This studymet each of those expectations.
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Baseline equivalence was established through propensity score matching, the outcome was
measured using an independent state standardized assessment, and hierarchical linear mod-
elingwas used to account for school-level clustering. Together, thesedesign features support
the internal validity of the findings andposition this study asmeeting the criteria for ESSA Tier 2
(Moderate Evidence). These findings provide validated, empirical support that implementa-
tion of Pearson Navvy is associatedwithmeaningful improvements in student mathematics
proficiency,consistentwith itsdesignasan integratedsystemsupportingbothassessment-
for andassessment-as-learning.

WhyNavvyWorks?

Navvy is designed as a measurement-informed learning system that integrates psychometric
rigor, learningscience,andinstructionalpractice. Ratherthancenteringonsinglescoresorstatic
evaluations, the system is built to generate precise, actionable evidence that supports educa-
tor decision-making and student learning within the instructional cycle. Navvy’s theory of ac-
tioncentersonan iterative learningcycle inwhichhigh-quality tasksbothgenerateevidenceof
learningandsupport itsdevelopment. Eachassessmentengagementprovidesanopportunity
to strengthen understanding while producing feedback to inform reflection and next instruc-
tional steps.

CoreDesignPrinciples behindNavvySystem

1. CompetencyDiagnosis overComposite Scores
Navvyprioritizescompetencydiagnosisatthelevelof individualstatestandardsratherthan
relyingoncomposite scores. Checks areconstructed to reflect each standard’s compo-
nents and intended cognitive complexity (depth-of-knowledge; DOK), yielding granular
evidence at the student, class, school, and district levels. This diagnostic approach en-
ableseducators to identifynotonlywhetherastandardhasbeen learned,butwherewithin
the standardadditional support is needed.

2. Assessment for LearningoverAssessmentof Learning
Consistent with formative assessment frameworks, Navvy is designed to inform and ad-
vance learning rather than sort studentsbasedonoverall scores. Studentsmayengage in
multiple attempts on Competency Checks, with the expectation that additional instruc-
tionoccursbetweenattempts. Teachersmayalsoenable answer reviewonPractice
Checks. Studentdashboardspresentcurrentandprior results, includingcomponent-and
DOK-level indicators, to support goal setting and self-monitoring. Feedback structures,
including progress-focused encouragement notes, are designed to attribute growth to
strategy andeffort, consistentwith researchon feedback and learningmindsets (Dweck,
2006).

3. AutonomyoverAutomation
Navvy does not prescribe a fixed instructional pathway. Educators retain flexibility in how
the system is integrated into classroom practice, including when to assess, which stan-
dards tocombine, andhow to respond to the resultingevidence. Short, pre-built assess-
ments (typically 6–8 items) reduceauthoringoverheadwhilepreserving instructional
agency. Retakeopportunities are embeddedbydesign to align assessmentwith student
readiness todemonstratecompetency.
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4. Assessment as Learning
Navvy’sassessmenttasksare intentionallydesignednotonly tomeasure learning,butalso
to support deeper learning and long-term retention. Each task is aligned to grade-level
standardsandconstructed toelicit the levelof thinking thosestandards require, including
the appropriate depth of knowledge (DOK). As students work through these tasks, they
retrievepriorknowledge,applyconcepts,andmakeconnectionsacross ideas—processes
that learning science identifies as central to durable learning. By embedding principles
such as retrieval practice and interleaving into assessment experiences, Navvy positions
assessment engagement itself as ameaningful part of the learningprocess.

Takentogether, theseprinciplesprovideacoherentaccountofwhyeffectsappearwhenNavvy
is implementedwith sufficient breadth and regularity. These effects emerge through the inte-
gration of diagnostic precision, formative use, educator agency, and assessment-as-learning
design.
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